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Abstract
In order to distinguish themselves in the extremely competitive food service industry, restaurant owners must provide unique and functional services. The importance of restaurants' adaptability to technological advances has increased. This study seeks to determine the effect of various technological aspects of services on consumers' satisfaction and intention within the realm of casual dining establishments. Using prior research and the Stimulus-Organism-Response (S-O-R) framework, this study examines nine technological attributes divided into three categories: pre-dining, on-site, and post-dining service technology characteristics. The total number of participants in the survey was 462 and the data was analyzed using AMOS SEM. Results indicate that the attributes have a positive effect on customers' propensity to patronize a restaurant, their propensity to spread positive word-of-mouth, and their propensity to recommend the casual dining restaurant under consideration.
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1. Introduction
In order to succeed in the cutthroat foodservice market, business owners need to provide distinctive offerings. Restaurants strive hard to perfect their customer service in order to attract returning customers. The restaurant industry places a premium on customers' behavioral intentions because of the positive association between such intentions and revenue and brand loyalty. Returning customers are a sign that the service they received was positive. In addition, Barber et al. (2011) found those establishments successfully encouraging customer brand loyalty showed an increase in positive word-of-mouth. The restaurant's bottom line is susceptible to the expectations of its patrons. Improved financial outcomes, sustained business viability, and positive word of mouth are all associated with it (Moolman, 2011).
Since February 2020, the unprecedented impact of COVID-19's global dissemination has been felt in the food service business (World Health Organisation). The hospitality sector across the world is in a precarious position due to a decline in productivity and a consequent increase in job losses. Economists have warned that restaurants will need to make fundamental changes to their operations to survive the present economic downturn (Tan, 2020).
Restaurant workers have complained of burnout because of labor shortages. The biggest challenge that businesses have today is figuring out how to meet the growing need for workers, satisfy their customers, and keep their current staff happy so that they can continue providing excellent service. While some eatery establishments are reaping more tremendous financial success than ever before, the vast majority are employing technology to facilitate the performance of at least some of their operations (Haddon, 2020; Haddon & Rana, 2020). Restaurants can leverage a variety of new technologies to improve the dining experience for their patrons and alleviate the labor shortage situation (Duffy, 2014).
Consumers are more likely to return to a restaurant if they find that the service they receive is quick and easy to use (Ko, 2020). The ability of restaurants to adopt new technologies has become increasingly important. Due to COVID-19's associated costs and the ever-changing nature of the business environment, businesses of all sizes are beginning to see technological integration as a viable option. Businesses and eateries in the modern day thrive or fail based on their capacity to effectively incorporate technology into their daily operations (Ninaus, Diehl, Terlutter, & Huang, 2015). Customers' actions are influenced favorably by technologies that alleviate problems with physical access. Customers, for instance, view food delivery apps favorably because of the ease they provide (Aslam et al., 2021). Customers who have their eating experiences enhanced by technological advancements in the hospitality industry are more likely to return in the future.
The purpose of this research is to measure the influence of service technology attributes on customer experience and, by extension, behavioral intention at fast-casual dining establishments. While there are already publications outlining the use of technology in the restaurant sector, diners may rethink their priorities when selecting a dining establishment. Prior research evaluating diners' intentions with regard to using technology in the dining experience was mostly conducted before the epidemic. While there have been studies done since the COVID-19 period, they tend to concentrate on certain aspects of technology rather than its use in every area of the restaurant industry as a whole. To address this gap, this research expands its scope to cover nine service technology criteria across three major categories: before the meal, during the meal, and after the meal. Because these factors affect the consumer experience and their propensity to make a purchase, this research offers recommendations for how company owners can better implement technology in their organizations.
2. Literature Review
Stimulus-Organism-Response Theory
The present investigation was framed by the stimuli-organism-response (S-O-R) theory. "External stimuli (S) affect the internal states (O) and subsequent behavior responses (R)" (Ahn & Seo, 2018, p. 110). Cognitive and emotional states are altered through sensory
interaction, which in turn influences behavior (Ahn & Seo, 2018). S-O-R assumes that customers' behavioral intentions are affected by environmental cues. The impacts of many stimuli, including technological ones, can be examined with the use of the framework. People's motivations for adopting new technologies are affected by the range of feelings they associate with those technologies. For studying the interplay between consumer behavior and technical elements, the S-O-E framework has been particularly useful (Ahn & Seo, 2018). The S-O-R model was used to classify restaurant service technology into three distinct groups: before, during, and after the meal. Three distinct phases make up the dining experience, each of which is important in and of itself (Wijaya et al., 2013; Wijaya, 2014; Richterová, 2016). What a customer expects in terms of food and service is reflected in their pre-dinner experience. The on-site experience, on the other hand, is how the customer feels while actually using the products and services. Finally, the after-dinner experience is a reflection of the diner's happiness and future plans in relation to the meal (Wijaya et al., 2013). By extension of these definitions, the S-O-E framework can be applied to technologies used before, during, and after a meal.
Casual Dining Restaurants
The restaurant business is evolving, but operators still need to keep an eye on things like logistics, kitchen cleanliness, customer service, and more. When going out to dine, whether with loved ones or just for a treat, people aim to boost their spirits, fill their bellies, and have a wonderful time. You can't expect takeaway to taste as well as restaurant fare if all you do is place an order and wait. You can tell a good casual eating establishment by the standard of its cuisine, atmosphere, and cutlery. Both the restaurant owner and the diner work together to provide a memorable meal.
Food in the CDR is famous for being freshly made and tastefully designed, so charging a bit more for it is not always wrong. How well a company cares for its customers and serves their needs is the key to its success.
Service Technologies in Casual Dining Restaurants
Products and services differ on the basis of tangibility, inseparability, perishability, and homogeneity. Customers these days prefer anything and everything that is just a click away and makes their life easier. To cater to this issue, restaurants are now shifting more towards inculcating technology in their day-to-day functions. Customer ambiguity over service characteristics may be reduced by the use of technology. 74% of restaurant operators are considering increasing their investment in technology use (Lorden and Pant, 2015), indicating that the food service industry is beginning to appreciate technology as a business innovation. A few examples can be a POS system streamlining the ordering and payment process; kitchen process systems improving efficiency and cutting down on food waste; online reservation systems cutting down on customer wait times; and labor-management systems reducing the time and resources spent on managing employees (Kimes, 2008). Restaurants can improve the quality of their service and their customer's overall experience by using or giving helpful technological solutions.
Service technologies can be implemented before the visit, during the visit, and after the visit as well.
1. Pre-dining Service Technology Attributes- It includes all the encounter points before
experiencing the actual service. These include- Online Reservations, The Menu on Mobile App/Website, and Discovering Platforms for Information.
2. On-site Service Technology Attributes- It includes all the encounter points during the
service delivery. These include- Wi-fi, Self-ordering System, Mobile Payment System
3. Post-dining Service Technology Attributes- It includes all the encounter points after
the services have been had. These include- Social Media for writing reviews, Reward Programs, and Restaurant Review Websites.
Customer Satisfaction and Behavior Intentions in Casual Dining Restaurants
Maintaining customer satisfaction is essential to the success of any company. The degree to which a customer is satisfied with their purchase is seen as a predictor of how they will feel about the product after they have bought it. It has been found that satisfied customers are more likely to recommend a business to others and spread the word about it (Zeithaml et al., 1996), (Baker and Crompton, 2000).
According to Fishbein and Ajzen's (1975) reasoned-action theory, behavioral intention is meant to symbolize how attitudes and subjective standards influence future actions. Behavioral intentions refer to a person's "expressed plans to perform or not perform some specified future behavior" (Jaccard & Wing, 1977).
Based on the above literature, the following hypotheses have been formulated:
H1- The pre-dining service technology attributes will have a positive impact on customer satisfaction while dining in a casual dining restaurant H2- The on-site service technology attributes will have a positive impact on customer satisfaction while dining in a casual dining restaurant H3- The post-dining service technology attributes will have a positive impact on customer satisfaction while dining in a casual dining restaurant H4- Customer satisfaction will have a positive impact on behavioral intention
Pre-dining Service Technology Attributes
On-Site Customer Behavioral Service Satisfaction Intention Technology Attributes
Post-dining Service Technology Attributes
3. Methodology
Using a quantitative survey questionnaire, this study looked into how different aspects of service technology affected customer satisfaction and behavioural intention. Questionnaire was distributed to 695 customers out of which 462 were found suitable for the study. Thus, the response rate was 66.47 %. All the participants had had atleast one-time dining experience in the past year in casual dining restaurants. Here, the Likert seven-point scale was used for data collection where ‘1 = strongly disagree and 7 = strongly agree’. The measurement questions were referenced based on validated items from previous articles, including: Schaarschmidt and Hober (2017), Brewer and Sebby (2021), Fogel and Zachariah (2017), Salehi-Esfahani and Kang (2019), Cobanoglu et al. (2012), Na, Yang, and Lee (2021), Chen and Wang (2022), Hydock, Chen, and Carlson (2020), Ha and Stoel (2014), and Hanks et al. (2017).
4. Results
Demographic characteristics
Demographics Number % Gender
Male 223 48.3 Female 239 51.7 Age Group
18-21 years 98 21.2 22-25 years 129 27.9 26-29 years 145 31.4
30 years and above 90 19.5
Annual Income
Less than 2 lakhs 94 20.3
2-4 lakhs 70 15.2 5-7 lakhs 185 40.1
8 lakhs and above 113 24.4+
Employment Type
Unemployed 2 0.4 Student 257 55.6 Public Sector 12 2.6 Private Sector 126 27.3 Self-employed 65 14.1 Restaurant Visitation Frequency
<3 times/month 197 42.6 >3 times/month 265 57.4 Reliability and Validity Results
The most crucial aspect of the study is the instrument’s reliability analysis. Cronbach Alpha was used to evaluate the reliability. According to the study, the proposed model’s reliability came out to be 0.915, which is higher than the standard of 0.7 (Henseler, Ringle, & Sinkovics, 2009; Nunnally, 1978). It was also becoming clear that each construct’s reliability was important.
The AVE and CR of each construct were calculated to test for convergent reliability, and it was discovered that they were significant as AVE > .05 and CR> 0.7 for all Constructs. The instrument’s nomological validity was also noteworthy because the correlation estimates for each construct are all positive and the p-value for the covariances between each construct is noteworthy. The fact that the AVE of all constructs is greater than the squared inter-construct correlation value indicates that the discriminant validity results were likewise good. As a result, the suggested model was trustworthy and appropriate for the research. Construct SRW Mean SD
Measurement Cronbach Factor Item Alpha Loading
Pre-dining Service Technology Attributes Cronbach Alpha= 0.91, AVE= 0.684, CR=0.812 Online Pre-dining Reservation Service Technology Attributes Discovering Platforms
0.854 4.25 0.836 0.662
Online Menu 0.91 0.855 4.31 0.880 0.719
0.798 4.42 0.857 0.562
On-site Service Technology Attributes Cronbach Alpha= 0.87, AVE= 0.630, CR= 0.836 On-site Wifi Service Availability
0.87 0.782 4.39 0.699 0.671
Technology Self-ordering Attributes System
Mobile Payment
0.794 4.26 0.635 0.694
0.805 4.20 0.609 0.782
Post-Dining Service Technology Attributes Cronbach Aplha= 0.93, AVE= 0.583, CR= 0.807 Post-Dining Review Service Website 0.93 Technology Mobile
Social Media 0.784 4.22 0.599 0.684
0.722 4.48 0.700 0.692
Attributes Reward 0.783 4.57 0.676 0.609 Program
Customer Satisfaction Cronbach Alpha= 0.88, AVE= 0.529, CR= 0.771 Customer Satisfaction
Satisfied 0.722 4.50 0.686 0.559 Pleased 0.88 0.717 4.51 0.679 0.734 Enjoyed 0.743 4.29 0.644 0.785
Behavioral Intention Cronbach Alpha= 0.89, AVE= 0.594, CR= 0.743 Behavioral Intention
Model Fit
Visit 0.748 4.43 0.597 0.617 Prefer 0.89 0.757 4.29 0.544 0.785 Recommend 0.590 4.22 0.513 0.771
Tucker
Comparative GFI (Goodness of Lewis
Fit Index Fit Index CMIN/df RMSEA Fit Index) Index (CFI)
Achieved
(LWI)
0.969 0.906 0.977 1.760 0.036
Value
Accepted As high as >0.80 >0.90 >0.90 <0.07 Threshold 5.0 (Mac Callum (Hu and (Hooper et
& Hing, 1997) Bentler, al., 2008)
(Stinger, 1990)
And between
Levels given (Kline, by 1999) 1998) 0.08 to 0.10
(MacCallum et al.,
1996)
The CFA approach essentially determines how well a certain model factor represents the
data. Model fit indices can be used to investigate this; if the parameters of the model fit are determined to be good, the model is validated.
The results indicated the goodness of fit of the model with the value of CMIN/df = 1.760 [as
high as 5.0 (Kline, 1998)], CFI = 0.906 [> .90 (Hu and Bentler, 1999)], TLI = 0.977 [> .90
(Hooper et al., 2008)], RMSEA = 0.036 [< 0.07 (Steiger,1990)]. The results indicate that the
relationships suggested in the model are significantly related as the relationships between variables are significant (p-value < 0.5).
Model Summary of Regression Analysis
R2 β Se t P Hypothesis Pre-dining Service Pre-dining Technology 0.748 Service Attributes--->CS Technology Attributes
On-site Service On-site Technology 0.171 Service Attributes --->CS Technology Attributes
Post-Dining Service Post-Dining Technology 0.591 Service Attributes--->CS Technology Attributes
Constant 0.314 0.119 2.972 0.001 H1
0.691 0.037 22.63 0 Supported
Constant 2.98 0.088 32.15 0 H2
-0.12 0.046 -1.84 0.008 Supported
Constant 1.75 0.188 7.40 0 H3
0.729 0.029 19.271 0 Supported
CS--->Behavioral Constant 0.216 0.025 8.74 0 H4 0.726
Intentions CS 0.482 0.020 29.92 0.005 Supported
It can be observed from the Table that Pre-dining Service Technology Attributes has a
significant impact on CS, where the values are B (0.691), t (22.63) and p < 0.05. This leads to the acceptance of Hypothesis 1 (H1).
It can be confirmed that On-site Service Technology Attributes has a significant impact on
CS, where the values are B (-0.12), t (-1.84), and p < 0.05. This leads to the acceptance of Hypothesis 2 (H2).
Post-Dining Service Technology Attributes has a significant impact on CS, where the values
are B (.729), t (19.271), and p < 0.05. This leads to the acceptance of Hypothesis 3 (H3).
CS has a significant impact on Behavioral Intention, where the values are B (.482), t (29.92),
and p < 0.05. This leads to the acceptance of Hypothesis 4 (H4). Discussion
Nine service characteristics were chosen to illustrate the service technology attributes in casual dining restaurants. They were broken down into three distinct groups. Multiple regression analyses showed that pre-dining service technology attributes, on-site service technology attributes and post-dining technology attributes influenced customers' satisfaction and subsequently their intentions within casual dining restaurants. Customers are more likely to dine at a casual dining restaurant if they can use their smartphones to make reservations, peruse the menu, and find new places to eat before they arrive. Customers appreciate restaurants that provide online menus, that allow them to make reservations without picking up the phone, and that allow them to peruse online reviews before deciding on a casual dining restaurant. Since we live in a world where technology is relied upon to acquire information, it should come as no surprise that pre-dining service technological qualities strongly influence the behavioural intentions of consumers at casual dining restaurants. Diners often consult evaluations posted on several websites before deciding on a dining establishment. Technology features associated with services provided after a meal also played a role in shaping consumers' future actions. In order to increase consumers' readiness to try a restaurant, the number of times they'd be willing to suggest it to others, and the frequency with which they'd be prepared to do so, the restaurants should consider improving their review websites, social media for submitting reviews, and mobile app/mobile wallet incentive programme.
Limitation and Future Research
This study consists of three factors and nine attributes, with the potential for future research to include additional internal and external factors to bolster the significance of the findings. Current research is limited to casual dining restaurants, whereas future studies may investigate various segments of the food service industry. This research focuses solely on the opinions of consumers from Delhi-NCR. To broaden the scope, future research could assess consumers' behavioral intentions regarding service technology attributes in the food service industry across multiple cities and countries, with a larger and more diverse sample size.



Future research avenues could include investigating whether there are differences in opinions regarding service technology attributes based on gender or age. Further research can corroborate the applicability of the results to particular demographic groups. Moderation and mediating effects of factors such as technology complexity, ease of use etc. can be assessed.
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